
DataNexus : 

Extreme Data Architectures 

Empowering AI Innovation 

Across the Compute Continuum

Moderated by: Nuria de Lama 

(IDC) and Janine Gehrig (BSC)



Session overview

Intro

ÅImportance of extreme 
data

ÅWhat is DataNexus?

ÅPresentation of speakers

Use Case showcase: 
Problem, solution, 

impact
Panel and Q&A



Session goal: Moving from Research to Impact

Showcase results: how 4 DataNexus projects are advancing beyond the state of the art

Promote update and use: highlight open platforms, tools and resources available for reuse

Foster collaboration: connect research outcomes to Europeôs broader data and AI 
ecosystem 



Why is extreme data important?



Why is extreme data important?

Impact

ÅAI and 
automation

Å IoT and edge 
computing

ÅBusiness 
Insights and 
Monetization

ÅRegulatory 
and Security 
demands

Market Projections

Å Volume of data created each year is forecast 

to increase at a CAGR of 24.9% from 2024 to 

2029 (faster unstructured data)

Å Data Integration and Intelligence SW: 

Worldwide revenue is projected to nearly 

double from $6.4B in 2024 to $12.2B in 2029 

(11,8% for EMEA)

Å AI Life-Cycle Software: CAGRs above 27% 

2024-2029 (EMEA from $3B to $11B)

Main challenges

ÅComplexity and 
Integration

ÅRising costs
ÅRegulatory and 

security concerns
ÅTalent and 

ecosystem gaps
ÅROI and value 

extraction



The DataNexus Cluster

Press release 
introducing the 

cluster

HRB support-
Factsheet, 

Video
EBDVFô24

AI, Data and 
Robotics 

Association 
BoF

DataWeek EBDVFô25

White paper

7 projects  EFRA, EMERALDS, EXA4MIND, EXTRACT, GRAPH-
MASSIVIZER, NEARDATA & SYCLOPS are funded under 
Horizon Europe call HORIZON- CL4- 2022 - DATA- 01- 05



Speakers

EXA4MIND
Stephan Hachinger ,

Science and Co-Design Coordinator, 

Leibniz Supercomputing Centre 

(BADW-LRZ)

EXTRACT
Eduardo Quiñones,

Group Leader, 

Barcelona Supercomputing Center

GRAPH- MASSIVIZER

Junaid Ahmed Khan,

PhD Candidate and Research

Fellow,

University of Bologna

NEARDATA

Pedro García López,

Senior Researcher,

Universitat Rovira i Virgili



Use case showcase: 
DataNexus in Action



Extreme Analytics for  
Mining Data spaces 
Stephan Hachinger

Science and Co-Design Coordinator

Leibniz Supercomputing Centre (BADW -LRZ)

Dr. Stephan Hachinger is Science and Co-Design Coordinator of 

EXA4MIND and leads the Research Data Management Team at 

Leibniz Supercomputing Centre (LRZ, Garching/D). He focuses 

on data-driven workflows for users to make the most of 

computing infrastructure, and on FAIR and Open Data. In 

EXA4MIND, he helps to enable Extreme Data analytics via 

supercomputing, optimised data backends and EU data 

ecosystems.



EXA4MIND: Science Application Case 
(Molecular Dynamics)



EXA4MIND: Science Application Case 
(Molecular Dynamics)

Automating analysis of 

Experimental vs. Simulated 

data on the way to 

optimisation of force fields.

Needs:
Web interface

Query

Backend

Data Store 

(PostgreSQL

+ HDF5)

Raw Data

Object Store

Pre-

processing

HPC

Analy-

tics

Work-

flows



EXA4MIND: Autonomous Driving Application case

ÅAI model development enabled by staging & AI

workflows on IT4Innovations supercomputing

Å Interface for manual analysis of driving situations

using combined queries on text and images

Developing AI models for 

Advanced Driving Assistance 

Systems: Novel image -

processing algorithms

+ AI-aided failure analysis

Needs:
Web interface

VALEO

S3 Image Data 

Storage

& Elasticsearch 

DB & Vector DB

HPC-AI

Work-

flows

Model Storage

Natural-Language 

Query orchestration



EXA4MIND: SME Application Cases:
Smart Viticulture and Health Data Mining

Å Integration of ALTRNATIV visual ETL/Data-Mining Tool with

Å HPC/AI-System Offloading -

LEXIS Distributed HPC/Cloud-Computing Platform

Å Optimum Data backends

Å Satellite data cache & retrieval logic

for soil moisture estimation

Data (Satellite & 

Weather models)

Data

Cache

API

(STAC 

+Data)

AI Soil 

moisture 

prediction

Needs:



A glimpse on the impact
ÅEXA4MIND modules as enabler for Extreme Data Analytics: they bridge

Supercomputing - Data backends - Data ecosystems

ÅBest practices for compute & 

Extreme Data backend usage

ÅApplication cases impacts:

ÅMolecular simulations: leaps forward in accuracy

Å Development of next-level

driving assistance systems

Å Flexible leveraging of satellite 

data for smart viticulture

Å Health-related Extreme Data 

analytics via convenient GUI



Open Source Modules & Documentation



Full Architectural Overview



A distributed data - mining software 
platform for extreme data across 
the compute continuum
Eduardo Quiñones

Group Leader 

Barcelona Supercomputing Center

Eduardo is coordinator of the EXTRACT project. He specializes in 

integrating cutting -edge technologies like AI, data mining, 

advanced computing, into real -world applications. He has a strong 

background in edge, cloud and HPC systems, and his work focuses 

on leveraging these technologies to enhance decision -making in 

urban environments, including in crisis management scenarios. 



Workflow Description and Execution
ÅDescribe workflows at different granularity levels independently of the 

infrastructure

ÅGuarantee efficient data and analytics processing across the continuum

InferenceData Training local

Global (Distributed)

Cloud

Edge

HPC

Edge

Edge

Edge

Cloud

Cloud

Developments applied to 2 use-cases:

ÅPersonalized Evacuation Route (PER)

ÅTransient Astrophysics with the Square Kilometre Array (TASKA)



PER Use Case: Understanding the Crisis Response Gap



PER: Closing the crisis response gap REALITY



PER Workflow Description

Cloud

Cloud

HPC

Edge

Urban Digital Twin

(Cloud)

Agent Inference

(Edge)

Parallel

Reinforcement 

Learning 

Training

(HPC)
www.extract-project.eu

InferenceData Training



Edge 2

PER Workflow Deployment and Orchestration

24

Cloud

Urban 
Digital 
Twin

Edge 1

RL Model 
Agent т

inference

RL Model 
Agent т

inference

City Data

ÖƚĲƖƚќШ
location

HPC

RL Model 
Agent т
training

ÖƚĲƖƚќШ
location

City 

state

Model 

Serving

Cluster 
Orchestrator

Cluster 
Orchestrator

Cluster 
Orchestrator

Cluster 
Orchestrator

Multi-cluster 
orchestration

Distributed 

monitoring

Sky
Store

Model 

Serving



Impact - Closing the Response Gap



Use Case 2: Transient Astrophysics with the Square 
Kilometre Array Pathfinder (TASKA)
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TASKA: Workflow Description , Deployment and Execution

cc

Cloud 
Edge (Nançay)

Scientist
RebinnedMS

CallibratedMS

Workflow
orchestration

Rebinning
TaskDriver

Calibration
TaskDriver

ImagingTask
Driver

data/task
properties

Sky
Store
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a
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Data 
CatalogReduced

Data

ÅTaskprofiling

ÅData properties

Sky
Store



EXTRACT Software Architecture

Sky
Store



Extreme and sustainable 
graph processing for urgent 
societal challenges in Europe
Junaid Ahmed Khan
PhD Candidate and Research Fellow
University of Bologna

Junaid is a final year PhD student is data science and 
computation at the university of Bologna. His main 
research focus has been on applying graph methodologies 
for operational data analytics in high -performance 
computing (HPC) system. He has been involved with the 
Graph-Massivizerproject as one of the main developers 
for the data center use case.  



Data Centre Digital Twin for Sustainable Computing
Å HPC systems are the cornerstone of technological and scientific advancements

Å HPC installations are massive (millions of sensors) => large-scale telemetry => difficult 

to manage.

Å Operational data analytics (ODA) proposed, but it struggles to do more than fancy 

dashboarding.



Data Centre Digital Twin for Sustainable Computing

Å HPC systems are the cornerstone of technological and scientific advancements

Å HPC installations are massive (millions of sensors) => large-scale telemetry => difficult 

to manage.

Å Operational data analytics (ODA) proposed, but it struggles to do more than fancy 

dashboarding.AI for HPC sustainability - Leverage AI and 

Data-Driven approaches 



Data Centre Digital Twin for Sustainable Computing

ÅFocused on two operations for data center operational sustainability:

ƺ Prevention of system downtime:

ƴ Anomaly detection and prediction.

ƴ Improved system utilization => improved power efficiency.

ƺ Reduction in management complexity:

ƴ Neuro-symbolic data analysis assistants: Interaction with the data in natural 

language.

ƴ Reduced entry barrier to complex data analysis for post-mortem analysis and what-if 

evaluations.



Data Centre Digital Twin for Sustainable Computing

ÅETL monitoring data ingestion pipeline:

ƺ Mapping operational data to an RDF

Knowledge graph

ƺ RDF database: GraphDB

ƺ One month of telemetry, approx: 

ƴ 11.6 billion nodes

ƴ 68.6 billion edges

ÅDataset: ExaData [1]

[1] Borghesi, A., Di Santi, C., Molan, M. et al.O322"GzcFcvc<"c"fcvc"eqnngevkqp"ecorckip"qp"vjg"EKPGECҲu"Octeqpk322"Vkgt-0 supercomputer. Sci Data10, 288 (2023). 
https://doi.org/10.1038/s41597 -023-02174-3

One month time-series data as 

knowledge graph [snapshot]

Massive graph



Data Centre Digital Twin for Sustainable Computing

Å Predictive maintenance: Developed Graph Neural Network (GNN) based 

models called ñGRAAFEò for anomaly prediction (much more impactful 

than anomaly detection). 

Å The GRAAFE models achieves an area under the curve (AUC) from 0.91 

to 0.78, surpassing state-of-the-art (SoA), achieving AUC between 0.64 

and 0.5.

GRAAFE Graph Neural Network (GNN) model structure [1]

[1] Martin Molan, Mohsen Seyedkazemi Ardebili, Junaid Ahmed Khan, Francesco Beneventi, Daniele Cesarini, Andrea Borghesi, AndreaBartolini, GRAAFE: GRaph Anomaly Anticipation Framework for 

Exascale HPC systems, Future Generation Computer Systems, Volume 160, 024, Pages 644-653, SSN 0167-739X,https://doi.org/10.1016/j.future.2024.06.032.



Data Centre Digital Twin for Sustainable Computing

Å Predictive maintenance: Developed Graph Neural Network (GNN) based 

models called ñGRAAFEò for anomaly prediction (much more impactful 

than anomaly detection). 

Å The GRAAFE models achieves an area under the curve (AUC) from 0.91 

to 0.78, surpassing state-of-the-art (SoA), achieving AUC between 0.64 

and 0.5.

GRAAFE Graph Neural Network (GNN) model structure [1]

[1] Martin Molan, Mohsen Seyedkazemi Ardebili, Junaid Ahmed Khan, Francesco Beneventi, Daniele Cesarini, Andrea Borghesi, AndreaBartolini, GRAAFE: GRaph Anomaly Anticipation Framework for 

Exascale HPC systems, Future Generation Computer Systems, Volume 160, 024, Pages 644-653, SSN 0167-739X,https://doi.org/10.1016/j.future.2024.06.032.

Prediction of anomalies => Improved system 

availability (failure aware scheduling) => increased 

operational efficiency



Data Centre Digital Twin for
Sustainable Computing

[1] J. Khan et al., ExaQuery: Proving Data Structure to Unstructured Telemetry Data in Large-Scale HPC, ACM GraphSys24

[2] J. Khan et al., A Unified Ontology for Scalable Knowledge Graph-Driven Operational Data Analytics in High-Performance Computing Systems, ARXIV

ODA Ontology [2]

SPARQL (Graph) query

NoSQL/SQlite query - Standard query language in SoA



Data Centre Digital Twin for
Sustainable Computing

[1] J. Khan et al., ExaQuery: Proving Data Structure to Unstructured Telemetry Data in Large-Scale HPC, ACM GraphSys24

[2] J. Khan et al., A Unified Ontology for Scalable Knowledge Graph-Driven Operational Data Analytics in High-Performance Computing Systems, ARXIV

ODA Ontology [2]

SPARQL (Graph) query

NoSQL/SQlite query - Standard query language in SoA

Graph representation of telemetry -> lowers knowledge access costs



Data Centre Digital Twin for Sustainable Computing

[1] Junaid Ahmed Khan, Martin Molan, Andrea Bartolini. EXASAGE: The first data center operational data analysis assistant.Future Generation Computer Systems, Volume 176, 2026, Article 
108185. ISSN 0167-739X. https://doi.org/10.1016/j.future.2025.108185
[2] J. Khan et al., From Data Center IoT Telemetry to Data Analytics Chatbots -- Virtual Knowledge Graph is All You Need (https://arxiv.org/abs/2506.22267)

Objective: Provide a conversational interface to Examon/ODA collected data.

Tool: EXASAGE: The first operational data analysis assistant [1]

Interact with the ODA in natural 

language 

https://doi.org/10.1016/j.future.2025.108185


Data Centre Digital Twin for Sustainable Computing

[1] Junaid Ahmed Khan, Martin Molan, Andrea Bartolini. EXASAGE: The first data center operational data analysis assistant.Future Generation Computer Systems, Volume 176, 2026, 
Article 108185. ISSN 0167-739X. https://doi.org/10.1016/j.future.2025.108185
[2] J. Khan et al., From Data Center IoT Telemetry to Data Analytics Chatbots -- Virtual Knowledge Graph is All You Need (https://arxiv.org/abs/2506.22267)

Objective: Provide a conversational interface to Examon/ODA collected data.

Tool: EXASAGE: The first operational data analysis assistant [1]

End-to-End latency = 3.03 s

LLM (llama 3 8B) query generation accuracy [2]

Single input cycle - Time diagram [2]

Significant performance in automation of graph query 

(SPARQL) generation, showcasing the benefits of the 

Graph-Massivizer approach

https://doi.org/10.1016/j.future.2025.108185


Data Centre Digital Twin for Sustainable 
Computing - KPI Achievement

[1] Junaid Ahmed Khan, Martin Molan, Andrea Bartolini. EXASAGE: The first data center operational data analysis assistant.Future Generation Computer Systems, Volume 176, 2026, 
Article 108185. ISSN 0167-739X. https://doi.org/10.1016/j.future.2025.108185
[2] J. Khan et al., From Data Center IoT Telemetry to Data Analytics Chatbots -- Virtual Knowledge Graph is All You Need (https://arxiv.org/abs/2506.22267)

https://doi.org/10.1016/j.future.2025.108185


Data Centre Digital Twin for Sustainable Computing

Objective: Provide an agentic framework for the data center

Tool: ExaAgent

Supervisor

Domain Expert

Metric Expert

Neuro-symbolic data 

analysis assistant

Frontend

ExaAgent - v0

EXASAGE: The 

first data analysis 

assistant

Provides answers 

to metrics related 

queries of the user. 

For example: 

ñWhat sensors are 

listed in the IPMI 

plugin?ò, etc

Provides answers to 

questions related to 

data center and HPC 

domain. For 

example: ñWhat is 

the architecture of 

the M100 system at 

Cineca?ò, etc

The agent in the system, that 

processes the user input and 

determines which tool to use to 

answer the user question.

The interaction point for the 

user



Data Centre Digital Twin for Sustainable Computing
Demo: 

ExaAgent

https://gitlab.com/ecs-lab/exaagent/-/blob/main/ExaAgent__demo_.gif

https://gitlab.com/ecs-lab/exaagent/-/blob/main/ExaAgent__demo_.gif
https://gitlab.com/ecs-lab/exaagent/-/blob/main/ExaAgent__demo_.gif
https://gitlab.com/ecs-lab/exaagent/-/blob/main/ExaAgent__demo_.gif
https://gitlab.com/ecs-lab/exaagent/-/blob/main/ExaAgent__demo_.gif
https://gitlab.com/ecs-lab/exaagent/-/blob/main/ExaAgent__demo_.gif


Extreme Near - Data 
Processing Platform
Pedro García
Senior Researcher
University Rovira i Virgili

Pedro García Lopez is full professor of the
Computer Engineering and Mathematics
Department at the University Rovira i Virgili
(Spain). He leads he òCloudand Distributed
SystemsLabóresearch group and has coordinated
three large European research projects in the last
years. His research topics are distributed
systems, cloud computing, data analytics,
software architectures and middleware .

neardata.eu



Use cases I: problem solved, who benefits
METABOLOMICS

Serverless data processing connected to AI pipeline

NEARDATA cloud platform for spatial metabolomics

Problem Solved:

This use case solves the challenge of unifying, 

scaling, and securely processing fragmented 

metabolomics data from multiple sources to enable 

faster and more reliable molecular analysis.

Who Benefits:

Scientists and healthcare researchers benefit from 

this solution, as it allows them to access and 

analyze large, diverse metabolomics datasets more 

easily and securely, leading to better insights into 

health and disease.

AI Innovations Achieved:

ǒ Smarter metabolite 

detection : Replaced rules 

with machine learning for 

better accuracy.

ǒ Scalable AI workflows : 

Serverless pipelines handle 

large datasets efficiently.

ǒ Fast data prep : Automated 

processing enables quick, 

reliable analysis.


